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• Question

– Effect of social interactions on technology adoption

• Industry

– Solar PV panels (PVPs) in California

• Relevance

– Reducing GHG emissions, creating jobs, green industry

• Contribution

– Constructs nice dataset and proposes empirical approach to the

estimation of localized peer effects (neat)

– Documents peer effects in adoption of PVPs

Overview



Lots of  results to explore, will focus on main points

• Upon reading, I kept wondering mostly about 3 points

• Industry

– Role of  consumers, firms and government 

e.g. which steps does a consumer need to take? 

– Role of  competing technologies (“outside good”) e.g. energy prices, wind

• Data

– Lots of  demand-side stuff

– Some of  government-side stuff  (“incentive step indicators”, Table 7)

– None for supply side (?!)

• Estimation Strategy

– Supply (again)

– Inference

General Comments



Is adoption merely a demand-side story?

• From the New York Times, May 10th 2012

[1] “Installers (…) [are] taking advantage of  hefty tax breaks, creative 
financing techniques and a glut of  cheap, Chinese-made panels to make solar 
power accessible to the mass market.”

[2]“The overall approach is generally the same: Customers agree to pay a fixed 
monthly charge or rate (…) and the companies that finance the systems pay for 
the installation and take the value of  any tax breaks.”

[3]“[Consumer] stumbled across Roof  Diagnostics, a local company that 
offered him a solar system at a price he could not refuse: free.”

Comments: Industry



∗ Related to the above, paper seems to rely only on the demand 

side, essentially ignoring supply side. Why?

∗ Kind of  data that comes to mind:

∗ #firms operating in a given local market (activity? size?)

Comments: Data



• Consider an arguably isomorphic problem:

“Why does consumer i purchase a car able to 

run on both gasoline and ethanol (FFV)?”
∗ peer effects

(i’s neighbour bought an FFV)

∗ (indirect) network effects

(station nearby i’s location now offers ethanol)

∗ FFV trades-off

∗ higher upfront cost

∗ (potentially) lower operating cost via fuel arbitrage

∗ Take-aways

∗ Ignoring gas stations likely to overstate peer effects

∗ What’s more, effect of ethanol availability likely to dominate peer effects

Why is this likely to matter?



• Paper reports robust std. errors despite documented spatial 

dependence in data

– Shouldn’t std. errors be clustered at the zip code?

or

– Shouldn’t std. errors account for spatial dependence e.g. `a la

Conley?

Comments: Inference



∗ T-statistics likely to overstate statistical significance

Why is this likely to matter?



∗ Proposition 1: What if  l endogenous?

∗ Recall :

∗ l := time lag b/w decision to adopt and installation of  PV panel

∗ Yzt := % that haven’t adopted and decide to adopt at t being located at 
zip code z.

∗ Has a take on simultaneity to allow consistent estimation of  peer effects

∗ Sampling frequency is important

∗ assumption looks OK for daily (thus in the paper)

∗ probably not for monthly

(but other folks might not be as lucky to have high frequency data)

Smaller Comment: 

Estimation Strategy



∗ Kind of story that comes to mind

New local installer in zip code speeds up process (short-run) � ↘l

Why is this likely to matter?



• Interesting research question

• Great data

• Neat estimation strategy (some caveats though – see below)

• However:

– Reader still left wondering about the industry

– Worries about the connection between industry/data/estimation 

strategy

– In particular, worries that paper may be overstating both point estimates 
and t-statistics

Wrap-up



• Apparent disagreement between T3 estimates and text

“Typo slide”


